The construction of large renewable energy projects is characterized by the great uncertainties associated with their administrative complexity and their constructive characteristics. For proper management, it is necessary to undertake a thorough project risk assessment prior to construction. The work presented in this paper is based on a hierarchical risk structure identified by a group of experts, from which a Probabilistic Fuzzy Sets with Analysis Hierarchy Process (PFSAHP) was applied. This probabilistic analysis approach used expert opinion based on the Monte Carlo Method that allows for extracting more information from the original data. In addition, the coherence of the experts' opinions is assessed using a novel parameter known as Confidence Level, which allows for adjusting the opinions of experts and weighting their judgments regarding impact and probability according to their coherence. This model has the advantage of offering a risk analysis in the early stages of the management of renewable energy projects in which there is no detailed information. This model is also more accurate than the classic fuzzy methodology when working with complete distribution functions, whilst it avoids the loss of information that results from the traditional mathematical operations with Fuzzy numbers. To test the model, it was applied to a 250 MW photovoltaic solar plant construction project located in southeast of Spain (Region of Murcia). As a result of the application of the proposed method, risk rankings are obtained with respect to the cost, the time, the scope and from a general point of view of the project.
Introduction
In some countries, the reduction or disappearance of economic incentives to produce from renewable energy sources has caused a drastic decline in the investment in new projects. However, the maturity of renewable technologies has led to a fall in the costs of the main technological components. This has, in turn, led to a resurgence of the photovoltaic sector, in which in previous work [23] , it is insufficient when a risk assessment method is posed in which, in addition to comparing the influence of risks at each of the hierarchy levels, the probability and impact of the risks in the project framework are assessed individually.
To overcome the limitations of the fuzzy AHP technique, this paper presents a methodology for the qualitative and quantitative analysis of risks, which differs principally from other fuzzy methods of risk analysis. The chief contributions of this work are: 1) it introduces a new parameter known as Confidence level, which allows for variations in the opinions of experts according to their coherence and weighting their judgements regarding impact and probability, 2) it employs a probabilistic analysis of the opinion functions instead of applying the mathematical simplifications used in other methods of fuzzy analysis, which allows for extracting more information from the same data.
This approach provides a smooth application with a rapid and thorough methodology that could be readily used for both qualitative and quantitative risk analyses based on linguistic assessments in the early stages of large-scale renewable construction projects. A risk ranking is then generated, which subsequently forms the basis of a risk response strategy. This paper describes the proposed methodology, providing a step-by-step explanation of how the model can be developed and applied to any type of building project. Finally, the model is applied to a large real-life photovoltaic solar plant project located in Spain, and the results yielded from this field application are then discussed.
Research method
Classic Fuzzy methods for risk analysis share the same general structure [24] :
1. Parameter definition and measurement: this defines the basic parameters, risk probability, and risk impact. The parameter measurement is conducted using linguistic terms and these are converted into fuzzy numbers. If the group of experts has an extensive knowledge of the sector, then they can issue concise opinions using linguistic terms, which subsequently become triangular numbers [25] .
2. Fuzzy inference definition: the relationship between the input and output parameters can be defined as relations "if-then" or in the form of mathematical functions defined by an appropriate fuzzy arithmetic operator.
3. Defuzzification: as result of the previous phase, a fuzzy number is obtained, which, at this phase is represented by an exact numerical value.
In the current work, the identified risks are organized according to a hierarchical structure, which allows them to be prioritized based on four fundamental factors: project risk impact, risk probability, risk discrimination (always defined in linguistic terms) and the risk factor function, defined as a distribution function.
As a progression of the classic method, pair-wise risk comparisons are introduced [7, 11, 26, 27, 28, 29] . On some occasions, experts must give their opinions on areas where their expertise is minimal, and it is therefore necessary to evaluate the consistency of their judgments. This evaluation of consistency has also been referred to in many studies. Bin et al. [30] , for instance, used the eigen value method to determine the consistency of the matrices, and Monte Carlo simulation to optimize its consistency, whilst Shafiee [13] used the Buckley method.
This work presents a risk assessment model that introduces a parameter to evaluate the consistency of expert judgments, allowing for the weighting of opinions regarding risk probability and impact, as well as calculating the weighting coefficients of the experts' discrimination of the risks based on the consistency of their judgments from transitivity laws.
Once the risk functions have been added within each group and incorporated into the risk structure, the final phase uses the proposed method to obtain a ranking of general risk influence on the project framework. A detailed risk analysis allows for an evaluation of the influence of risk on scope, time and/or cost of the project.
One of the main drawbacks of the classical fuzzy sets theory concerns the use of mathematical operations with fuzzy numbers, since operating with triangular or trapezoidal numbers results in a triangular or trapezoidal number, respectively. @Risk tool is used for probabilistic analysis using Monte Carlo simulation to achieve greater precision in mathematical operations, which allows for working directly with the triangular fuzzy numbers distribution functions. S1 Fig shows a three-phase model based on probabilistic analysis and the fuzzy sets theory. The phases are: risk definition phase, measurement and weighting phase, and fuzzy inference phase.
Risk definition phase
Establish an expert group for risk identification. The selected experts must have a high degree of knowledge and previous experience in similar renewable energy projects [31] .
The ethics committee that approved the study is the "Comité de Ética de Investigación con Medicamentos" of the Human and Health Care Service of the Government of the Region of Castilla-La Mancha. The internal code is 2018/11/129.
The experts were selected from professionals who have collaborated on the processing, design, and construction of photovoltaic solar plants, with the aim of covering as many profiles as possible involved in the development of such plants. A total of 15 experts were recruited with the following profiles: E1: Developer of photovoltaic solar plants, with a 15 MW portfolio of completed projects E2: Project Manager, with a portfolio of designed and developed projects exceeding 500 MW worldwide.
E3: CEO of a multinational company with 14 years of experience in the sector and more than 2 GW of developed projects. All the experts confirmed their acceptance and gave their verbal consent to complete the questionnaire. Experts E4, E8 and E14 declined to complete the questionnaire due to lack of time. The other 12 experts are those included in the present study.
Risk identification and construction of a risk breakdown structure. The risk assessment group is needed to identify and classify the project risks. Tools to facilitate the identification of risks include: Checklist, Influence Diagrams, Cause and Effect Diagrams, Failure Mode and Effect Analysis, Hazard and Operability Study, Fault Trees, and Event Tree [32, 33, 34] .
Based on a general classification of the project risks, such as Political Risks, Technical Risks, Economic Risks, Time Delay Risks, Legal Risks and Social Risks, the risk identification and hierarchical risk structures are constructed in two phases.
In the first phase, the experts were asked to respond to the following question: "Based on the general classification of risks, identify the possible general conditions that may affect the project for each of them". We then obtained the second level of the hierarchical risks structure i.e. the risks subgroups.
The second phase focused on the identification of specific risks that arise in the project. The question that the experts were asked in this phase is, "For each of the risks subgroups that form the hierarchical structure, please identify and describe the risks that may arise in the project".
As a result, a hierarchical risk structure is generated to organize risks in suitable detail, enabling further evaluation to proceed efficiently [30, 35] .
Measuring and weighting phase
Defining the overall risk factor function. A definition of the overall risk factor function is usually based on two fundamental factors in risk assessment: Risk Impact (RI) and Risk Probability (RP).
Based on the axiom established in Kaplan and Garrick [36] in relation to the comparability of the uncertainty, for a complete risk assessment, a third parameter must be considered, known as Risk Discrimination (RD) [37] .
The risk discrimination parameter is based on the pair-wise risk comparison at the different levels that make up the hierarchical structure.
For each evaluated risk, a risk factor function value is defined using Eq (1):
where ORF is the overall risk factor function, RI is risk impact, RP is risk probability, RDI is risk discrimination impact, and RDP is risk discrimination probability in the project life cycle.
Defining the linguistic scale and fuzzy numbers
In projects with great uncertainty, it is difficult to numerically assess the risks due to a lack of accurate information. In these cases, the judgments of the group of experts are collected through linguistic expressions. According to the fuzzy sets [11, 38, 39] , in a universal set X, a fuzzy subset A of X is defined by a membership function μ A (x), which assigns each element x in X to a real number in the interval [0, 1] .
Having defined the linguistic terms used, to proceed with their analysis, they must be transformed into fuzzy numbers using an appropriate conversion scale that considers both the concept and the context of the expressions.
According to the research carried out by Zeng et al [26] , the triangular function is used for the identified risk analysis. For this purpose, and with the aim of being able to carry out a subsequent analysis to determine the coherence of the experts' opinions, scales of five terms were established to determine both the impact and probability of the risks. In addition, a scale of nine terms, symmetrical with respect to the fifth value, was used for the pair-wise comparison between risks. In this way, the opinions of the experts are transversally comparable.
The linguistic terms used, their meaning, and the triangular function assigned are shown in S2-S4 Figs.
Sending and collecting questionnaires: RI, RP, and RD measures. To gather the expert judgements, questionnaires were sent out by email directly to the addresses provided by the experts.
Having established the hierarchical risks structure, the questionnaire was organized as follows:
1. General information on the project.
2.
Step-by-step instructions.
3. Experts' opinions about risk probability.
4. Experts' opinions about the impact of risk on the project scope.
5. Experts' opinions about the impact of risk on the project costs.
6. Experts' opinions about impact of risk on project development/execution time.
Using these questionnaires, the experts can give their opinions using the linguistic terms indicated in S2-S4 Figs. The column matrix Pgm is generated from the questionnaires, from RP opinions with respect to the general project framework (RPim), as shown in Eq (2), . . . 
RI
where I is the RI matrix over the Cost (C), the Scope (S) or the Time (T) of the group g, for the expert m and i is the risk identification number.
Regarding the opinions about parameter RD, the panel of experts provided their comparative judgements between each pair of risks for each one of the hierarchy levels, as well as assessing their probability, along with their impact on cost, time, or the scope of the project. The result is the nxn discrimination matrix defined in Eq (4), 
where E is the RD matrix, n is the number of risks that make up the group g at the level l of the hierarchy, and m is the expert identification number in the risk assessment group. Confidence level. When experts provide an opinion about RI or RP, they do so individually for each risk, but they should be consistent with their judgements on the RD pair-wise comparison.
To measure the consistency of experts' opinions between RI and RDI, and between RP and RDP, a new factor defined as the Confidence Level (CL) is introduced.
The linguistic scales for the opinions on Ri and Rp established in S2 and S3 Figs are scales of 5 terms or levels. The First Level corresponds to negligible impact or very low probability, and the Fifth Level corresponds to critical impact or very high probability.
The Linguistic scale for the Opinions about Rd Set out in S4 Fig is a scale of nine Symmetrical terms with respect to the central term, "Same". The difference between the opinion established by the expert with the central term of the scale is defined as a step, so that steps can be obtained from value 0 to ± 4. Thus, it is established that an expert m will be fully in line with their opinions if the absolute difference in levels between the experts' opinions about RI or RP for a risk i and j at the same hierarchical risks structure sub-group, is equal to the absolute value of the steps in RD, according to Eqs (5) and (6) . When an expert gives a judgment that is not 100% coherent, this incoherence allows for the qualification and weighting of their opinions. To qualify an expert's opinion, the opinion dispersion module (DM) is previously determined as the ratio between the minimum interval T, defined as the interval between the likely triangular fuzzy numbers values at the opinion scale, and the product between the minimum CL admitted as valid and the maximum number of discriminations between risks in the same group, defined as the n risk number which comprises the largest group g, less 1.
Then, the adjusted RI � or RP � opinion for an expert m at the i risk is,
As an example, if an expert considers that the impact of risk A is Serious (4) and the impact of Risk B in the same group is Minor (2), the levels difference is 2. If the expert is consistent in his discrimination judgements, then Risk A generates a Bit More impact (+ 1) than Risk B (-1) on the general project framework, and their RD absolute difference is 1, so applying Eq (5), the CL is 75%.
Thus, the opinion regarding Risk A is adjusted to the left (-1xDM) of its original position (Serious), and the opinion of Risk B is adjusted to the right (-1xDM) of its original position (Minor), as shown in S5 Fig. From the Confidence Level the quality of both the risk definition and description is assessed. To do this, a minimum coherence threshold is set in such a way that if the CL is lower than the minimum coherence threshold for at least half of the experts, the risk definition and description is not correct, since it is not logical to suppose that half or more of the experts are not coherent in their risk opinions.
In this case, the risk definition and description must be modified, and the experts should again give their opinions on RP, RI, and RD in all groups and hierarchy levels associated with the redefined risk.
Aggregating an individual fuzzy number into a group: Impact and probability
For those experts where CL is greater than the minimum threshold set, the opinions coefficient is estimated by the weighting of RI and RP experts using Eqs (10) and (11), In the case that an expert CL is below the minimum threshold established, its weighting coefficient will be zero.
Aggregation of the experts' adjusted opinions is carried out according to Eqs (12) and (13),
where i is each one of the risks in the bottom hierarchy level, and m is the expert identification number in the risk assessment group.
Measuring the RD parameter
Recently, various authors have used pair-wise comparison in their research [6, 9, 30, 35, 40] .
In the present work, the evaluation group members discriminate between pairs of risks-in terms of both impact and probability-in the same g group for each one of the l levels at the hierarchical structure.
Linguistic expressions collected through questionnaires are converted into their corresponding triangular fuzzy numbers, as shown in S4 Fig. For 
Transitivity [41, 42, 43] is the generally accepted property for dealing with the consistency of fuzzy preference relations. It represents the idea that the preference value obtained by direct comparison of two alternatives would be equal to or greater than the preference value obtained by using an indirect chain.
Application of the transitivity laws is carried out for each one of the possible combinations, calculated according to the following expression,
where m are the risk numbers in the group and n is the comparison order, whose value in the case of transitivity laws is 3. For groups with two risks, it is assumed that experts will not show inconsistency in their opinions. For the purposes of this work, Weak Transitivity is considered the minimum consistency threshold that must be reached. If an expert's opinion does not satisfy the Weak Transitivity criterion, their opinion will be eliminated. In turn, additive transitivity is the optimal point to achieve. For each one of the possible combinations, where a value is obtained that is closer to 3xs 0, then the more symmetrical the experts opinions. But there is also an additive transitivity application maximum value, which is defined as maximum interval (MI), resulting from the consistent combination of the extreme opinions linguistic scale. If the result of applying the additive transitivity law is greater than MI, the expert must revise their discriminatory judgements at all levels in the hierarchical structure affected by the pair-wise risks.
Before adding the opinions of the experts, the values can be weighted from the distance between the result obtained from applying the additive transitivity law and its ideal value 3xs 0 .
The weighting of opinions based on the distance to an ideal value has been applied in previous studies [44, 45] .
If the obtained value from applying the additive transitivity law to an m expert over the r i and r j risks is lower than the MI, the expert's opinion can be weighted according to the distance between that value to the ideal 3xs 0 by using the following expression:
where WRD ij m is the weight for an m expert on the comparison between r i and r j risks, DW ij m is the distance-weighted regarding the MI between the farthest from applying the additive transitivity law, Max/MinATL ij , and ideal value 3xs 0 . If the result of applying the additive transitivity law is greater than MI, the expert's weight in this pair-wise comparison of risks will be zero.
Having fixed the expert's weights, the fuzzy numbers comparative is aggregated into a fuzzy number according to Eq (16),
where i and j are the risks of the g group at the l level hierarchy and m is the number of experts in the risk assessment group.
To operate mathematically with the risk discrimination, it is necessary to transform the square matrix E obtained using Eq (3) into a column matrix using the following expression [9, 46] :
Assuming that the r i risk has over t groups at distinct levels in the hierarchical risk structure, and D gi is the D-value of the g er top group containing the risk r i in the hierarchy, the RD aggregated value for each r i risk is calculated according to:
where i is the risks in the bottom hierarchy level.
Fuzzy inference phase
Estimating ORF and integration. In the final deduction step, risk analysts turn the aggregate distribution functions of RI, RDI, RP, and RDP into a distribution function that represents the risk factor for each r i risk.
Based on the risk impact analysis on the Scope (S), Cost (C) and project Time (T), this determines the risk factor for the Scope, Cost, and/or on Time for each r i risk, according to Eq (19) :
Eq (20) is used to obtain the overall risk factor, whose result is a distribution function that represents the global risk factor for each identified r i risk, as shown in S6 Fig.
Risk ranking. The final risk ranking is the result of choosing the characteristic distribution function parameter, obtained upon calculating the global risk factor. Working with distribution functions the ranking is based on well Mean, well Mode, and studying their variations. S7 Fig shows a 
Case study of a renewable energy construction project
To study and apply the proposed risk assessment methodology, we have chosen as a case study a 250 MW photovoltaic plant project located in the village of Jumilla, in the Region of Murcia (Southeast of Spain). This project is in the early phase of study and initial administrative treatment. Given the plant size and the project budget, initially estimated at 250 million euros, the application of a risk assessment methodology is essential from the very beginning of the project, since it allows for identifying the key risks and setting the risk response strategy. The project area is close to 600 Ha, with 1 million polycrystalline photovoltaic panels over fixed structure, whose energy will be channeled into central power inverters 1MVA.
The power inverters output will rise to 30 KV through 250 transformation stations, being connected with the 250 MVA park transformer sub-station and 132 kV output voltage. Finally, the installation will connect a 12 km, 132 kV evacuation line to the connection point with the REE distribution sub-station.
It is clear from the brief description above that both the technical and administrative complexity of the project is very high, and it occupies an extensive space that has a significant social, economic, administrative, and environmental impact on the surrounding area, thus generating project risks. In addition, many risks can affect its development such as network quality and lack of resources.
Establishment of the risk assessment group
To apply the proposed methodology, a risk assessment group is established, which is composed of twelve experts with extensive experience in photovoltaic construction projects.
Identifying sources of risk and building the risk breakdown structure
The risk identification and the risk breakdown structure constitute part of the work conducted by Serrano and Muñoz [4] , completed with several methods of risk identification available in the risk literature [27, 47, 48, 49] .
Sending and collecting questionnaires
Having identified (Table 1 ) and structured the risks associated with the project (S8 Fig), questionnaires were produced in which experts expressed their opinions concerning the impact of the risk on the Scope, Cost, and Time of the project, as well as the probability of each one of the 55 identified risks occurring, as shown in Table 2 , according to S2-S4 Figs.
Triangular fuzzy numbers are entered into the @Risk tool as triangular distribution functions for further analysis through Monte Carlo simulation [50] .
As in the previous case, the experts must also discriminate between risks by means of a pair-wise comparison at the three hierarchy levels, in terms of the impact of risk on the scope, cost, and project time, as well as on the risk probability, as shown in Table 3 .
In the literature, there are several studies concerned with discrimination between risks, but these always focus on the impact of the risk on the overall project framework. However, discriminating risks in terms of their impact on Scope, Cost, and Project Time along with their probability is a key contribution that allows for a more extensive and exhaustive risk analysis.
Data treatment
Once the questionnaires have been compiled, these are introduced in the model, and the Confidence Level is calculated using Eqs (5) and (6) . CL allows for an evaluation of the coherence of the opinions given by the experts. In addition to structuring and describing the risks, the opinions are adjusted according to Eqs (8) and (9), weighting their assessment judgements over the risk impact and risk probability of the 55 identified risks using Eqs (10)- (13) .
Aggregation of the experts adjusted opinions was carried out as a weighted sum according to Eqs (12) and (13), where the weights are determined from the CL according to Eqs (10) and (11) .
The aggregated results for Risk 2.1.2 form a normal distribution, as can be seen in Table 4 . According to Table 4 , Expert 11 has not been coherent in their opinions, and so this was excluded from the risk aggregation ' Flood and storm risks'. S9 Fig shows the opinion distribution function adjusted for some experts regarding the language scale distribution functions. Transitivity laws were applied to the pair-wise comparison opinions collected on risk discrimination, to check for consistency. From the scalar value retrieved in the additive transitivity law application according to Eq (15), the judgements of the experts are critically examined at the three hierarchy levels using Eq (16) , and the D local value is determined using Eq (17) . Application of the model has shown that experts have a Confidence Level that did not require modification of the risk description, with a maximum of five incoherent experts on risk probability for Risks 3.2.1 and 3.2.2. Table 5 shows a hierarchical risk discrimination aggregation on the Impact on Scope for technological risks, as a result of applying Eq (18) . Once the data have been added, local ORF parameters on the Scope, Cost, and project Time are estimated according to Eq (19) as well as the global ORF using Eq (20) as shown in Table 6 .
Risk ranking
Assessing differential risk impact on the Scope, Cost, or project Time is an important contribution, since previous studies have only evaluated the impact of risk on the general project framework. As a result of applying the model to the case study, we have obtained a risk ranking that allows us to plan the general risk response to the Scope, Cost, and Time.
Results and discussion
A comprehensive risk analysis method such as the one presented in this paper is critical for adequate risk response planning. To obtain a risk ranking, working directly with distribution functions, the Mode value is chosen as the most frequent value, which is equivalent to the centroid method employed in the classic fuzzy methodology.
Based on the ranking results within the general framework project (S10 Fig) it will be necessary to focus the efforts of the project management team towards the risks 'Bank financing', 'Changes in energy prices', 'Specific legislation changes', 'The change in energy policy', 'Delays in obtaining the construction license'. Of the ten most influential risks in the general framework of the project, the majority are those due to delays. Therefore, in order to ensure the future success of the project, the risk management team should focus its efforts on controlling project deadlines, whilst not forgetting bank financing and possible changes in the electricity market price. In order to compare the operation of the proposed model, the risk ranking has been determined using the classical fuzzy methodology, resulting in the ranking shown in S11 As can be seen, the first 4 risks of the ranking agree, although not in terms of their order of influence over the general framework of the project. The variations in ranking positions imply the need for a different response when planning against their impact on the success of the project. According to the classic methodology, 'Bank financing', 'Changes in energy prices' and 'Time delays risks' are still fundamental, but 'Agreement with the land owners' would go from being a priority risk to being in sixth place in the proposed method, and would go from being a secondary risk to being ranked eleventh in accordance with the classical methodology. These differences are presented in a generalized manner throughout the risk ranking.
The proposed method allows for a specific analysis of the influence of the risks identified in the construction projects of photovoltaic plants with respect to their influence on scope, costs, and deadlines.
Analyzing the importance of the risks in terms of project Scope, the main risks worthy of attention are 'Specific legislation changes', 'Bank financing', 'Changes in energy prices', 'The change in energy policy', 'Construction delays of the power connection infrastructure'. Among the first ten risks, in this case, the economic risks have greater influence than the risks due to delays, and the risk of theft appears in seventh place in the ranking.
As far as costs are concerned, the most important risks are 'Changes in energy prices', 'Bank financing', 'Agreement cost with land-owners', 'Theft', 'Specific legislation changes'. As with the case of scope, the most important risks in terms of costs are, logically, the economic risks. In this case, the risk of theft is ranked in fourth place and risks due to delays have less influence on the costs of the project.
Finally, the greatest risks for project Time are 'Bank financing', 'Delays in obtaining the construction license', 'Delays in obtaining approval of the environmental impact', 'The change in energy policy', 'Construction delays of the power connection infrastructure'. Logically, from the point of view of the project term, the most important risks are those related to delays. answers according to their coherence and weighting their judgements regarding impact and probability.
• From the 'Confidence Level' parameter we can evaluate the quality of the risk descriptions, since if at least half of the experts do not show coherence this indicates that the risk description is incorrect and therefore must be redefined, and experts should again express their opinions on all the levels associated with the redefined risk.
• The proposed methodology examines the application of transitivity laws, which not only serve to determine the consistency of the experts' opinions regarding discrimination between risks, but also weights the consistency of their judgments.
• To obtain the ranking that allows for planning the risk response, the distribution function Mode value is used, which is equivalent to the centroid method used in the classical methodology.
A case study of a real renewable energy project-a 250 MW Photovoltaic Plant located in Spain-was used to test the model. When compared with the classical fuzzy sets, the PFSAHP results in a more efficient method for both qualitative and quantitative risk analyses based on linguistic assessments in the early stages of large-scale renewable energy construction projects.
• The new application is smooth and agile application, with a rapid and thorough methodology that could be readily transferred to the analysis of other construction projects for obtaining a risk ranking from which to plan a risk response strategy.
• From the point of view of the general framework of the project, the most important risks are obtaining bank financing, changes in energy prices in the electricity market, changes in sector-specific legislation, changes in the energy policy introduced by the government of the country, and delays in obtaining the works license.
• A specific analysis of the influence of risks from the point of view of scope, cost and time frame has been carried out, allowing us to draw the following conclusions:
• Scope: Economic risks have a greater influence than risks from delays. The risk of theft must be taken into account when having greater influence on the scope.
• Cost: Since economic risks are those that have the strongest influence on cost, the risk of theft is a significant risk.
• Time: Along with bank financing and changes in sector-specific legislation, the most important risks are those related to delays. 
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